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The size of shared memory has increased by 41.8x over a
decade (peak performance has increased by ~22x)

Figure 4: Comparison of PERKS(SHM) over a wide range of stencil libraries.
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Figure 5: Speedup of EBISU over the state-of-the-art temporal blocking implementations.
We also plot the performance of EBISU (right Y-axis plotted as "+ ticks).

[3] L.Zhang, M. Wahib, H. Zhang, and S. Matsuoka. A study of single and multi-device synchronization methods in nvidia gpus. In 2020 IEEE International Parallel and Distributed Processing Symposium (IPDPS), pages 483-493,
2020.




